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Abstract: To address the lack of emotional regulation assessment in current evaluations of large language model (LLM),
an evaluation benchmark for assessing emotional regulation capabilities in LLM was proposed. Based on Gratz’s defini-
tion of emotional regulation ability, the capability was categorized into four dimensions: emotional regulation effective-
ness, emotional regulation flexibility, emotional regulation human-likeness, and emotional regulation responsiveness.
Correspondingly, an evaluation benchmark was developed, consisting of an evaluation dataset and assessment methods.
Finally, a combination of questionnaire-based and experimental methods was used to conduct a multidimensional evalua-
tion of ERNIE 4.0, DeepSeek, GPT-3.5, GPT-4, and LLaMA-2 (7B and 13B). Experimental results show that the pro-
posed benchmark effectively differentiated the emotional regulation capabilities of various LLM. The benchmark study
on the emotional regulation capability of large language models not only contributes to enhance the quality of their gener-
ated emotional content but also offers significant guarantees regarding their safety, stability, and ethical compliance when
applied in sensitive contexts.

Keywords: large language model evaluation, emotional regulation ability, multidimensional evaluation

WiEHEA: 2025-08-14; &M@ HHA: 2025-09-15

EEWHE: EXERRAREERIIIH (No.62166029) s W5 H i X BHITIEAL % (F K1 6 58 3 BT H (No.2025KYPT0014) ;
P S E A DX R S BT BA R TR 36 4 % Bh 0T H (No.NMGIRT2506) 5 P 52 77 H VA [X 1y S5 SR a8 Vs oy R 7 3 4 ¢
BT H (No.STZX202307); P4 5% 1l B ¥R X B TR 4 % Bh i H (No.2025SYFHH1239)

Foundation Items: The National Natural Science Foundation of China (No0.62166029), Research Infrastructure and Platforms in the
Inner Mongolia Autonomous Region (No.2025KYPT0014), Inner Mongolia Autonomous Region Higher Education Innovation Team
Development Plan (No.NMGIRT2506), Research Project on Carbon Peak and Carbon Neutrality in Higher Education Institutions of
Inner Mongolia Autonomous Region (No.STZX202307), The Science and Technology Plan Project of Inner Mongolia Autonomous
Region (No.2025SYFHH1239)



.48.

5

hallis

{18 46 %

B

0 5l

fiti & ERNIE. DeepSeek. GPT. LLaMA %5 K
W E R ARRIE S RIN NRELNRE )G, 154
T RE I E O RN H 2 4B 5 P S AT ) i
BRI 20244511 H 13 H, 38 [H % R M K2
A A TR I PE 5 45 8K Gemini (38 B FE R 4B
SEH B, IR T SRRz N, %
FAREIR, HETRE SRR D AR 2 1 v
FERUR TR IS, 5 = £ 0E 01 45 R 0 5 T L
i, FHEAELLBIVEIGLE RN . ERORZH, AR
REIEB AW IR BE S 280, Hag/ B 1% 46 1+
TNLH] S 5 A A2, AR E 0, 2
& tH N AN B8 D B e R LI Bk, R
W H AR 2 B XU Pk R il S ARy T ) &R
GUHEARE . KL, RGUHEVEINCE S AR 15 451
RS, AMORFRERA R, HRMRA LT
R R gt tE. 2t S50 E MR % O Ll
MBIV T2 () R, X —fg 1o HAEBU
TR AT s i S S AR P AR EERE, T
RABINNAZ B L2 2 5EEK.

SR, B VR 2 R T IE R 7r K5
i . SCHR[2)FI TS 46 IR E R (LEAS, level
of emotional awareness scale) 43 #1 GPT-3.5 7£ 20
s iy a2, R I RE AR A 2 1 4 e TR R
B, HAPERERT RERERS A ST, Sy AR RE
RTINS 1  mit B D R o M i IR B A A, o
M FAG R ARRE ). AELIERE TR TTTH,  STHRIS]
I 36 R BHRAEVEN S MRIEF R, KIHS
NRAG AT NATER B STHR[6] N K Ry o1 55
ZYUEFE PPN, HES) A EARIE SR . S
HR (7] 58 £E KOG 5 158 815 28 B O T ) 15 R VR
RINZ B i i TP KCF, (EALH S AN 254F
TEI 22 5o SCHRISIANIRE 28 B AR AT . FH 93 75 Th0 vl
fa I KIE S EAE R 5 E NAFEER. 45 BN,
18 28 VPN B v rh R = BT E S5 AT RE PRI, 3
FUTIAE AN B R B I 4R T Re JIHE L AL .

AT F E TR AR S B 44N D7 T .

1) $2 H— AN R 1E 5 AR 45 R 1Y g 0 v I
#ft (ER-Bench, emotional regulation benchmark) ,
TR BEAE LS TR AR AT 7V

2) W AR 0 BE o i B I 4 e N TR R R
(PERS, perth emotional reactivity scale) ). 1% %

W 7 & K (ERQ, emotion regulation question-
naire) [OVRIE 24 1 15 [ M 5 % (DERS, difficulty
in emotion regulation scale) '3 A& & #4 il A0 & 2%
HID. 5 H WA GBI g, H
TR RS F BB 4 T RE T

3) T Gratz G 25 MR Sy, X RIE AL
THEE R TTRE D HEAT € L, IFREAT 2 4E LR

4) RN LR RV 5 B AR 25 AR 55
IRI, ASCVFAL T 6 A ERBAY, a3 N0
YrpF . HEAIZEH) (ERNIE 4.0 11 DeepSeek) . 15 7Y
BEACHR A (GPT-3.5 F1 GPT-4) LA B A5 75 2 H J i
(LLaMA-2 (7BF113B) ), RSG5 K A F itk B
BB T RE IR, IRV T AR
HI77 1A .
1 B
1.1 1BEETEES

T 45 T I TR T R R O EEE2) Gross!!)
7220 4R REHARt T WAL, 3D T
BRI R R . AEHIERL L, Gratz R
TR 7,685 4 1 05 5
J. WA BER A SIS 1 b ko
HFRTRIBE ) FEH1 0 3h 4T 9B BE /o LA K G 1 i
A ) 7 2 T SRS SR e A7 24 S N Y

SR, RAE SRR A B AR PR TH ) 1 2544
B, JLtBEEETTRE )T FRIE AR BGE F R
FIBAT ATV . ik, ARSCK RE 5 B
IS5 Re IR AN ATHRAELERE . 1548
AR TR RIEE EE AL S
VAT R, DU AL Gratz 55 BT H 1) 4 26 R
T RE SR

T 48T R AT AR S R AR TR AN [F] 1
B A 2 A IS L ek, PRI 0 1R SCEG
a5 SR T . AT R g . @
oo P25 3R AT A B Sf AS [R] WS 1) i 47 55 45 o3
A, AT T 2R HE R THEE T
PN 8 H RO R A 5 R AR 70 (P S A
25 NRFEARZ M2 5, PRI ARG 261547 1)
KM TELEP T S R B RS 5 3R
RARAI i tE ) — Bk, RO ILRHE B RS E
PSS X448 R 7 BENG &0 B 2R
N E A BT BT 5 B R, R 1 25



71

Ly R  KAH F R 4 1T RE D) PRI S A 49 -

REJIPFIER AL T RAAHELE
1.2 B ATRENREN

OIS T, B 2R DRI 3 B S
Wk, . k. Hi, WEGRRIBEA
ST E T T, BRI EHEE
WA RAG LG AT —Fp v, ik 2 4
A TR, R B R O SRS B SR
T S A LRI 7T SR AR R VTN 4% H R — e
TEPRAEREAT 0128, ARG B ARG — 2 I hn vt
FTGETAbHEIS), SIIG i I R S IR SR SR R B
RN SR I8 FH 1 28 18 1 SRS () S PR R R 6,

FEVFI R TR & RIS 25 TR 0N, SR A 1A
BIEGEEME AN, XEEETLITLA
HE . WABVERENS A RO INR A 7 5 2 1 T R
PR EE, (HhTHREBENEH P AR, BA
TR A, e DA A [T B B ASE AR A SR 1 Y
HEATRE . L@ AR, iR
SR VF DA 2 70 4 5 1 35 T IS g5 T RCR, ioR
AN LR TR, S, BRI E
T 23 BT ABE Y 55 28 TR 1 S, 0 B IE i SR I8 TIF A
RTEREE TGS FIISERR TR M2 T, W5
TR B = AN B AT N, X AT HE IS 45 1 B AR
RN H TR Rt &, PPISCRA R Fik,
ShE AT S SRV RE S AT . RS HERPEI E E
BRI S AT RE T, IR TR SR (A R o
DR -

2 ER-Bench

21 EHBENX
HTF Gratz ZHNIHEZ R RE I E X, AR

H— A RGP PEN R ER-Bench,  JH T4 8 KI5
BN G AT S R SR I . % PP R v
CERHERE AN LSS, HARTRIRNER - Bench =
f(EF.PR), Hrf, B HTAHBM (B> HT#
BRESEMEAFRG R EE RNMEE S, 5%
WA RIEME (P HAT4AHR KBS HAMES
VAT PRI R 1 G U T SR A A 28 S N, 1
FRETNE (P T IFNRIE 5 A 45 1
BE 15 NBIARMLEE, g iAyimstE (R AT
PRI B S AT A 22 1 45 R I & R R OR — 3K
PEIKF
2.2 TN

T VENRE SR S S TR, AR
BT MRS, BIEAT SR RE S M %
WATRE . Hd, PFESREEAXHID. %HW
BKHET3ANFB, 2 H W% H PERS. ERQ
A DERS X 3 MR K. X ERMEAG RN
K 1R,
2.3 iENEE

ER-Bench f. i % K i 5 B AUE 2 AT 66 1 2
JITH IR . 145 1 T ER-Bench ik . i1 ER-
Bench {5 Fi U7 I £ % K 1 5 A5 70 ) 1% 45 1R 55 B &K
PEL BT RIGTE . IR LR 4R
5 A 4 AN 7T HEAT PRI . X 4 AN 4 38 4 A
Wore AR . o, ARG SRR a0 1 2 F
Ny VISR 3 fs

1) 1 4T

HH T 175 26 1 19 e 0 ROPEAE T R R R 1)
RIS, WL ERAT

B, BHRGIRR QT HERNEQ MN

*1 ERMEKER
PERSY ERQ
fFR DERSE- !
B ) 15 45 L 1F [ 15 4 R v W FIEAH
FEHH 15 15 6 4 36
A 1~5 1~5 1~7 1~7 1~5
TR Moy JE JE M5y M5y
X FH F R TRRHAE WRHAE
G SRR 20 PRI 20 FRGEH: 18~67 FREYEH: 18~67 PR 18~67
BTN 67 67 45 45 72
CSLETUN 712 712 20 20 111
PRE bR (D 46.32+13.50 54.01+10.89 4.60+0.94 3.64+1.11 72.93+15.89
PRI bREE (D 42.25+12.40 51.40+10.16 4.61+1.02 3.14£1.18 70.15+10.72




50 - E s Eird 846 %
"""""""""""""" W s
R A 5
TR 5 TS
s 4 P

A
] TR
HYE 2 R RE ) J& Wz-score
AT RPN e
PR 7 A A
AR ST 5 AR DL T T %

( i W R )
R I \%%_A u ( A
ﬁgﬁ%ﬁﬁiﬁ AR

L o S o I

)
LLMAi N\

Prompt

Bk Vk

K2 A e

KIBEFER ., Hk, KiEFEM A% H#T
AR G AT Z O B A R, &k — A4
RE Hi, O RR—HOT mE N RRIER,
B O =[0F.05 .00 1 Q. KRB E K HB
FeMER, MO, =[q.440 4, ERR—HL
Fm AN RKIESEMOEZE R ARy, WE=
[EEy+E, To TEETTA MR
M =Model (0" .q,)") e R ke N (1)
Ay = Vote (MM - M) )

y

LLMi

A PE=

E, =,>4,eR 3)

Hor, M;")?%ﬂ?%VI‘%@ET&%T%I{W%WE‘J%
AREP A H BSR4, RS
REMHERAN K ERRAR T, E,RREiNR
GHR T IF S A S8R . ER I
130y 22k 2, Ul ARG 28 A Rk

2) T LA RIE 1

BT ARERBUETEE AR, B8RS
TR R AR, R AE T B 2 U T R
z-score I THRE T AR, ANFEIEFRP % HE
AN, A LA [RIASE A 2 TR PR 175 26 1
WRIENE, BIAEIEATIE.

B, MEHRGRRQMENTERARQO
MIANRIE A, Hik, KGR % E T
IThAEE G T 2 R ERHE R, &AM
—HERF, o, OFIRE cANERNITANE,
BO=[0,.0,0.1 FEr—HETc+ 1R

&
H
=R
BB

LR
W O

K3 RN



71

Ly R  KAH F R 4 1T RE D) PRI S A -51-

RGN RIGTERR Sy, BIF =[F Fye e F. 1
KIEFBARIE 5% H A BT Oy

M = Model (0°,q,)") € R.ke N 4)

A, = Vote(MPOMP -+ M) (5)

Hr, MPFRIRE ARRWEiNFEEME L
WEMEE R, A, XA 2R RES7.
BEAE X R R EWPFIAE (Mean) Fbr #E 2
(SD, standard deviation) FJitH N

Mean:%z(. Mc(,»j)) (6)

;
SD=/1 > (X, - Mean )’ (7)

S
o, ERBAREIIAHNRE, X = S M

“ ci

BARRGZHBEAET cNER LS RAFE RS

Bor. XMTHIANER, HEERHYRGEES D
e

Fo- X, — Mean

;= ®)

/
Hob, X, = S 4 FRA S EORER R R LI
j=1

By . FEANERIIER I, B g8 kS i
RIGHA5 N
|0l
F. = >(w,xF,) (9)
i=1

Ho, o= 12 R AR T R IR

[
2Q
&, BEiAMERDIS & SEEEDITE %
B RIS . %, P/ MEmes, B
FALTRAE R G5 R M L 0 2 LR
3) A
9T R AR R 5 A2 28, ELAEN
BN (0 2 R B 7 I A T A + T 25
2, R R R AR S AT W0 B SR IR 1 T B
Wil RGUHRR O, HI A B RN QI K
WA, BRI AN B AT R BUES, IF
ST S, AR —Hy + o TR INTEL
AR P . Hh, 0=10,,0, 0. 187
ABREFHENE; pFmFYMME: oFrirf
%o PR R — LA 4R A1

5%, BIP=[P,P,P, P, 1HP, =u=+o.
MTHEANEREINKH, BRI LIRERK
RN
M") = Model (Q%g,)" e R, ke N  (10)
2 ZHIR R N RAR TN
A, = Vote(MPOMP - M P (11)

ci e 0

R A R e R 0N

LS 4, st
K21 < - , (12)
POXON DR300
j=1 i=1
/dilﬁc%—m%%%%%ﬁ
o= .1;1 (13)
fﬁl§x&—maﬁ5w%ﬁ
=1

Hrb, B PME, oRminilEZE, bRRTANE
A% BEE, dRRFENNE, RRERCMEKHA
B, cRRMEHERE. &R, M
CORT AR A B E TR E RTINS A4,
NP, AR “Bik” AR, &, KiEFHEA
(R LA 5 PS5 NIRFEAR I 45 SRR I, ST
KPR

4) 175 28 Y 7 0 S

EH 1175 26 R 755 58 7 e B AE T A A A B AR R
P, WS I E AT

¥l R QF FEE e &R AT 2 FliE
ERNEHRIARE O MARIESHEY, KiEF
BERIREAN 2% B BT kIRAE 5 AT 2 B RS
HER, R&HMH—HERR, Hd, OFRRBE
S BRI c AN ERIAT a FHE S BHE M ATA 2%
H, WO =[00%.0,1 O, &nrFHafifizx
RIS N EER, WO, =199 04y RE
R HALE a KA T AL A 25 1 7 e N1
5%, BIR=[R,R,,+,R,]o RiBHEHAFEXEN
B E N

MP =Model (Qq" )P e Rke N  (14)
A, = VOte(M;il)Ma(iz)""’Ma(ik)) (15)

Hr, MPFRRER HATH a BT BWEEE kIR
AR ik H A GR35 A, B M E



©52 . W fE

{18 46 %

B

RAELH a Ml 52N R 6 H Al 2 MR A B
MIRAAT Iy . RIEH RIS o FE 5 R R R
c LR RAEAS 2 v RO

1 f
R =—>A4.eR
a szl aj

B e, RALTS 28 10 BNPEAS or 22 A ), i
A TR TS T 5 2 3R AR A IR DR R A 2 i 2 (1)
G -

3 X

KATNET VREEL, R T BT A e AL
GEO, R SIS A AT T .
3.1 TENRE

9 7 Wi ER-Bench, A 3C M 2 4E £y B 3% B VP
AL

1) BRI ARYEE, 1 $F OpenAl AR ML A
GPT-3.5 (gpt-3.5-turbo) U7HIGPT-4 (gpt-do) ¥,

2) ZHEHGASE, ERAHEA M F R RS
¥y, BRSNS LLaMA-2 (7B F113B) 19,

3) HIRBRAR LR, BEHOAL RO A b
JE ) ERNIE 4.0 (ERNIE-4.0-8K) POVRIVE SR & i)
DeepSeek (DeepSeek-R1) 21,
3.2 TFENZETS

B, VENRIE SRS 2T 2, A
KA RGN, SR NEH RGN EH5E
WM RGN O E R G, Hd, EEEMN
RGPS A EE RGN e HSHINAIT AT
P 1 5 EE AR DL A € i T R O i
(1o FEVPINRIE 5 A A 3 AN BER, $544
WA RGN . HIR, VEIKE BB 4 A4 4
B, KiESHR AT 10 RAES Hd, PRIKIE
AR R AT R, (FH PERS B3 VIR
B YA R T RS M AL 4 A PERS
ERQ AIDERS X 3 M3 PFINKIE 5 AL G 44 1
WmgN M, I DERSER. &)a, PEIKIE SR
RSB, Sk DERS B3R % & v i w
ANRRAS, FEESCCRR SRS T A % B i S R
ALK o
33 ZWER
330 RV A RE R E

KB 5 IR 45 1T A A S B A8 3 Ty
SR VT 70 10 17 28 R 1A Ak, SREe g R an 1] 4

(16)

e HH, 6 NAARRE AR 6 B LTS SR,
197> Z BB RS 1 S i S 46 R BT 2, 3 7
S AR T PR B EA A A B

—— EAEBHUR
—o— HHImM
—h— AT

ERNIE 4.0

LLaMA-2 (13B) DeepSeek

LLaMA-2 (7B) GPT-3.5

K4 AR G R G 8 0 B 2R b

KB S ARG 25 1A R SR I F 3 Ay 5
W PPN I 17 28 0 A Rk, SRR SR AN 5 T
Horr, 6N AsbRE 7 RN 6 Fh ERIE SR, 1553
ZE PR Y IR 1 [ 1 28 R BT R, 3 b s
(ER LT/ B N [ R R AR I REEK 7 ol

ERNIE 4.0

—=— SR

5
—o—{HIEEM
/ —A— O
LLaMA-2 (13B) / \\ —
eepSee
</

GPT-3.5

LLaMA-2 (7B)

S S RBU IE o 1 51 AR e

HE4 58505, EAFRBERS T, 28
R B o FLAR 28 i S e FE AT R B, ARELE —
s LR A k. LLGPT-4 fl, TE1% B8 E 5K
WAER T, ARSI 26 AT 55 T A5 4 R T i
FEA 2.5 7, B AR IR )1 46 1 AR 55 T



71

Ly R  KAH F R 4 1T RE D) PRI S A

.53.

RAEE (A2, BoRHEARREEEE
TR DO S A . M2 R, ER-
NIE 4.0 782 3 Mriff 15 5GBS T T, % PERS THE RS
AR A 1.0 4, R8I N AR E
{EVEAE ST PR . LLaMA-2 R 5145 704 | 2 3
A —MRHIE: EPIFSEIEL (TBATI3B) T,
WS R T ERA AL 200 £TF
LLaMA-2 (13B) JH AE 4% 3¢ A 2 H 0B 5 K (1 A5
R, LR PETE O] BRI R TR SRR T BT
Gt BMFE, AR S EBOR B R E . SR S
BT T 1 26 1 T H 7 1R i 9L 52 B R A . 24
TS INGEIE 552 R R ILF R, SHR
B e EH, EItEdE kR R,
332 HHIET R EMEE

DERS & 3 15 75 1 15 2 W 15 25 U4 77 I K 1
m, SHAWERME. Fit, i DERS EEN
WA, SEAT IR TR, FIHECPIME. brdEE
A G AT RIGHS . 2, A EARRZS
i KiE S B E DERS B R EWE S 5, 1 H
DERS & 3R [ 70 LA S-S 21 /0 E, B
KIE SR R A . T4 T RISt 45 1
mE2FR, H, MERRBIFMSER, TR
TN ENLE R

=

2770, ANFRIAYEDERS. ERQF1PERS
K3INMEREMRAERVE. £ERQERT,
LLaMA-2(13B) (15 0.55 %% =119 7 s  7E PERS &
#H, GPT-3.55 GPT-4 155 ZHHiAH 2.64, &
N R AE G 25 R T Re ) BA Bag . &
T GPT RANAEZE KBt IR Edm Atk B b5 7
ML T REFH, SVEResE T+ T n] Be T A
ERA G, MARRA S HMBY K. LT,
LLaMA-2 R4/t 3 MR FE x0T, RN
H—E e, (B HURAS, $Eam /NI
R PE RG2S T 2 Be I IR . 256
A, B RSCA LA RO 2576 3 ek o) 158 26 1 19 R
JIMERTHE B N B He, P KB R e
[EBIE| 37 PN -

333 HHET AN EE

T AN RFE AL ERQ &R 4 it & 7
SR A AT BAE R BRI SR A
ITTHER, DL, ARRESEERELS N RFEAAE R )
THHEAR BRIESHBEESER FRERSNK
FEARTEATOILG, SEER 2 RANER 3 Fom. Horp, K
TR G NBERRRIT BRI, FTRILERRE
NBPEARABE RO IR ZE R, N BFEAE S ER
ERRIA R K 1R

& 350, 7E ERQ &R MR XME|F,

®2 — m*ﬂi‘;‘fﬁ“ﬁim —— GPT4 S AR LR A 1005
TEPERS &R MM IME % N F, GPT-45 Nkt
FRNIE40 SLE 00T 00 08 KAETHIME LM% R A 112 4. 18 DERS B L,
DeepSeek 28000 000 13 S BB (E R 2585 Rk 7 L3 o N SREAC PRI, T
GPT-3.5 003 o137 108 023 GPT ZFIMLT 2 55 B N RREA VS SR,
GPT-4 014054 s 06l HL 557 B8 DeepSeck (115 1 £ /S 41 GPT % 41
LLaMA-2 (7B) L1 -060 002 045 B OHG, BUHSESIEE 2B, HEINSS
LLaMA-2 (13B) 0.59 0.55 0.25 0.45 }\%ﬁj—tﬁbﬂﬁﬁ . /E\:W\ , DeepSeek E»:]ﬁ:pc E 1‘/]?
*3 KIBSHEAAERER S5 ALHERNTELE
it DERS FRQ PERS
VNSRS FIEFNH B 1) 1 4 S N 1E M5 5 e v
ERNIE 4.0 124.40+1.51 7.00+£0.00 3.00+£1.22 66.10£1.73 73.90+0.32
DeepSeek 112.70+0.95 6.00+0.82 4.00+1.73 50.00+0.00 63.00+0.00
GPT-3.5 71.90+3.89 2.004+0.00 2.00+0.00 27.90+2.64 28.40+1.71
GPT-4 84.40+4.14 7.00+£0.00 3.50+1.50 43.60+2.88 70.30+1.34
LLaMA-2 (7B) 124.80+1.62 1.33+£1.97 1.50+1.66 33.30+15.59 34.20+13.89
LLaMA-2 (13B) 116.90+1.52 6.00+0.00 6.004+0.00 38.00+16.02 36.10+16.88




<54 EofE % M 546 4

sy [ S B T R R ST 4 L, 1T GPT 38|

FR T 56T 2 AU SR 5 2 1 ) sef

I, 1 GPT £ 4 VA 15 /1 (2B T DeepSeek . |

PRI, K 2 AR R FIRR R eIl i 5 A e A S0}

I . AR B T O 4 VA T A % 28]

P NIREA R =l

334 HHGRAT R E E R ol ——RETE
SR TP SRR A S A R, 4 2ol o

R 6 Fros.

36
341
321
3.0F
281

SHE/ 5

261
241
221

e 39

201 —o— 1 i

1,8 1 1 1 1
ERNIE 4.0 DeepSeek GPT-3.5 GPT-4.0 LLaMA-2 LLaMA-2
7B 13B
W (7B) (13B)

6 UL

HHPE 6 Al %0, TEM AT % 59 niE LT,
W SCRRAS 143 0 i I T 3 SCRROAS, P =N
0.2~0.8 9. H%FEF| DERS &R0 N (1550t
ARG 2 VAT BE D), n A R AF SO BT
N BRI  RORAR S . %2 T T T AR R TE
FEBEEERE TR ENEWZESR: P CER
WHERERLNETESELTA, TR i
R WS o SRR A R [R5 S U R e LA
B AR g A, 1R R R R
RN RRAL . H—J7TH, HETFE R KIS S
R T 250 ) rp i DA 9 SO, BEARNTE 955
BB A BRI R R oA E. Bk, X
FieE 5 M G Al T T R R T R R T
W2 MG 2 BUE 0N RIE, FEUR e .
L ERTR, IBEARSERESRIE N KB
LM ZES, ARBBAEAFRER BTG
K17 5 R AN M, R R TR B AR 4R
LSRRI

2 H KR 5 VS 4 RS B6 BT 1 5 v VR
KESHEA, FRW0E 7R,

‘1 .8 1 1 1 1 1 1
ERNIE 4.0 DeepSeck GPT-3.5 GPT-4.0 LLaMA-2 LLaMA-2
B (7B) (13B)

K7 2k HSEE4 R

HIPE 7 7T, GPT-4 (FFHIE 2B AT 1.0 43,
XK KEH KRBT LIS R = T — R
W, EAEARNE AN . I R AR AL T R T 4%
HRIBRA G, KB 5 R NS00 () 2 A 58 s
W, BN RS b S S SR T SR A e
H5Z AR, Mmsgm 7458,

4 LERIE

RS R S MR 4R R 7 VP v AT
Wot. B, FT GratzZ IR B2 AT 6E /7,
X RIE 5 G ST R 1T e e HARk, RYE
BEsE SCHR S 5 Y IS 5 T R PRI R . B
J5 . A3 )k b S AR 45 A R GE T T 64
FERMKIEFHEA, SLIGIGUE | KIE S B A
fig 77 VFl 2 i ER-Bench A SEHL I 25 18 1T e 1 2
UACTRRT, N RVE & AR 7E OB R PR 15 8 A
iR At R LA B A AR A T B AR
Foio ma BRI B, A0 O EAE T
EPEEI T e T ARG SRR 6 . IR T2
HIRE & B AR, 5250 R IR T 6 AN S AU
RUHATIOAE, (HJ7 04K 5 AR TE e, SRl
MEZE R4 e N T HAE FHA . Kok TR R
PRI AE AR, BSR4 K5t
FEWITE T 4ERE . TR TS 45 R T TR M PR DR DA R
B B AR AL IR AR 55

SE3HL

[1] CLARK A, MAHTANI M. Google Al chatbot responds with a threaten-
ing message: “Human --- Please die.”[R]. 2024.

[2] ELYOSEPH Z, HADAR-SHOVAL D, ASRAF K, et al. ChatGPT out-
performs humans in emotional awareness evaluations[J]. Frontiers in
Psychology, 2023, 14: 1199058.



Wz B RSE . IE 5 R A 4

RSV IR -55-

[3] PAECH S J. EQ-bench: an emotional intelligence benchmark for large
language models[J]. arXiv Preprint, arXiv: 231206281, 2023.

[4] TAK AN, GRATCH J. Is GPT a computational model of emotion? [C]/

Proceedings of the 2023 11th International Conference on Affective

Computing and Intelligent Interaction (ACII). Piscataway: IEEE Press,

2023: 1-8.

HUANG J-T, LAM M H, LI E J, et al. Emotionally numb or empathetic

evaluating how llms feel using emotionbench[J]. arXiv Preprint, arXiv:

230803656, 2023.

HUANG J T, WANG W X, LI E J, et al. Who is ChatGPT? Benchmark-

ing LLMs’ psychological portrayal using PsychoBench[J]. arXiv Pre-

print, arXiv: 231001386, 2023.

WANG X N, LI X T, YIN Z, et al. Emotional intelligence of large lan-

guage models[J]. Journal of Pacific Rim Psychology, 2023, 17:

18344909231213958.

SABOUR S, LIU S Y, ZHANG Z Y, et al. EmoBench: evaluating the

emotional intelligence of large language models[C]//Proceedings of the

[5

[l

[6

i)

[7

—

8

=

62nd Annual Meeting of the Association for Computational Linguistics
(Volume 1: Long Papers). Stroudsburg: ACL Press, 2024: 5986-6004.

BECERRA R, PREECE D, CAMPITELLI G, et al. The assessment of
emotional reactivity across negative and positive emotions: develop-

[9

=

ment and validation of the Perth emotional reactivity scale (PERS)[J].
Assessment, 2019, 26(5): 867-879.

[10] GROSS J J, JOHN O P. Individual differences in two emotion regula-
tion processes: implications for affect, relationships, and well-being[J].
Journal of Personality and Social Psychology, 2003, 85(2): 348-362.

[11] GRATZ K L, ROEMER L. Multidimensional assessment of emotion

regulation and dysregulation: development, factor structure, and initial

validation of the difficulties in emotion regulation scale[J]. Journal of

Psychopathology and Behavioral Assessment, 2004, 26(1): 41-54.

GAENSBAUER T J. Regulation of emotional expression in infants

from two contrasting caretaking environments[J]. Journal of the Ameri-

can Academy of Child Psychiatry, 1982, 21(2): 163-170.

GROSS J J. The emerging field of emotion regulation: an integrative

review[J]. Review of General Psychology, 1998, 2(3): 271-299.

KU JE R A5 LA R 505 5T BOR PT]. OB 5E, 2008, 1

(2): 42-46.

LIU Q G. A review of the research methods and measurement means

of emotion regulation[J]. Psychological Research, 2008, 1(2): 42-46.

[15] WEISS J A, THOMSON K, CHAN L S. A systematic literature review

of emotion regulation measurement in individuals with autism spec-

trum disorder[J]. Autism Research, 2014, 7(6): 629-648.

BEEEOIL, SRR . IR R 5 SR Y A g A AR ], 0 HE A

%, 2002, 34(4): 371-380.

HUANG M E, GUO D J. Divergent consequences of antecedent-and

response-focused emotion regulation[J]. Journal of Chinese Psychol-

ogy Acta Psychologica Sinica, 2002, 34(4): 371-380.

[17] ROUMELIOTIS K I, TSELIKAS N D. ChatGPT and open-Al models:
a preliminary review[J]. Future Internet, 2023, 15(6): 192.

[18] ACHIAM J, ADLER S, AGARWAL S, et al. GPT-4 technical report[J].
arXiv Preprint, arXiv: 230308774, 2023.

[19] TOUVRON H, MARTIN L, STONE K, et al. LLAMA 2: open founda-

[12

(13

[14

[16

[20]

[21]

[22]

[23]

tion and fine-tuned chat models[J]. arXiv Preprint, arXiv: 230709288,
2023.

DENG H, ZHANG H, OU J, et al. Can LLM be a good path planner
based on prompt engineering mitigating the hallucination for path plan-
ning[J]. arXiv Preprint, arXiv: 240813184, 2024.

GUO D, YANG D, ZHANG H, et al. DeepSeek-R1: incentivizing rea-
soning capability in lIms via reinforcement learning[J]. arXiv Preprint,
arXiv: 250112948, 2025.

BECK A T, HAIGH E A P. Advances in cognitive theory and therapy:
the generic cognitive model[J]. Annual Review of Clinical Psychology,
2014, 10: 1-24.

MEICHENBAUM D. A cognitive-behavior modification approach to
assessment[M]. Boston: Springer, 1977.

(fEE &N

OEE (1972-), Y, WELILREILE
N WS T K2 #E% . 4 S,
FEFFRTT NG N4 T

NI RS

XX (1999-), 2, W =Tk, W
S0 Tl KSR A, R AT 1A S
BN %4E. HRIES AR,

XE (2000-), L&, WIHILAN, AZEE
I N 2 1 e O 2 1 s A R =9 S
HL GRS K.

ZTE (1992-), L, WA, WEH
Tl KRS BhERRF7E 51, E BTN
PROHEESE . WEAT AT RS, &
RO R E 5.

I~
it}



